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b is choice bit

Alice learns one (and only onel!) of Bob's messages
doesn't learn which message Alice received
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= Pseudorandomness:

- Expand(s,), Expand(sz) pseudorand.

iy N = Correctness: N indep. OT's

= (Expand(s,), Expand(sy)) € cV

= Security:

S
SA@SB = Other party's output looks
pseudorandom up to correlation
Can replace% with efficient
I I

maliciously-secure 2PC protocol [IPS'08]
Expand(s,) Expand(sy)
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INGREDIENTS

Break correlations
with local PRG

PCG for "non-independent

OT-like" correlation C

— . We'll tocus on
this step

Pushes techniques of [BCGI'18] Inspired by [IKOS'08]
I Yy

PRG from succinct additive sharings
sparse-LPN of "structured" vectors
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TKNP'O3]: Break correlations

w/ correlation-robust hash
function H : {0,1}* —» {0,1}

e
J

I apply H
_

BREAKING GORRELATIONS

Problem: x > A
overhead per bit-OT

N independent bit-OTs!
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Predicate

P:{0,1} = {0,1}
£ = 0O(1) (small)

Replace i-th application of H with P o ;!
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A ! A T apply Poz,

projgcted } £ per column!

II I EE I apply P

Need new sharing schemes for

"projections" of structured vectors
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