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Main Result
Main Theorem (informal):

Mildly accurate -CDP for inner-product implies OT.
(𝜀, 𝛿)

•  

• 


•
 


• Mildly accurate  Very accurate,    

𝜀 = 𝑂(1)

δ = (
1
n

)

Pr
𝒙, 𝒚 ← {−1,1}𝑛

𝑜𝑢𝑡 ← Π(𝑥, 𝑦)

[ 𝑜𝑢𝑡  − ⟨𝒙, 𝒚⟩ < 𝑛1/6] > 0.99

⇒ O(1)

Information theoretic barrier: . 𝑛1/2
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x

w.p 1/2, Bob receives x
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Alice doesn’t know what Bob receives

Alice Bob
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